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A GENERATIVE ARTIFICIAL INTELLIGENCE APPROACH TO TRACKING
MAINLAND CHINA’S HOUSING MARKET SENTIMENT
USING SOCIAL MEDIA DATA

Key points

e To enhance monitoring of Mainland China’s housing market, this paper
develops a daily index to track the public sentiment in the sector using Chinese
social media data and generative Artificial Intelligence (GenAl). After web-
scraping granular textual and video data from a major Chinese social media
platform (Sina Weibo), we utilise an in-house GenAl powered by a large
language model that specialises in Chinese tasks to pre-process the data and

assess housing market sentiment.

o  Throughout this process, we keep human-in-the-loop by comparing samples of
machine results with human evaluations and refining our prompts. We find
that the assessments made by the GenAl are comparable to human evaluations.
To reduce potential bias in our sentiment index, we also develop strategies to

identify social bots and cyber trolls and eliminate microblogs posted by them.

e  Our analysis reveals that the GenAl-driven sentiment index effectively captures
trends in public sentiment on the housing market, particularly around landmark
events, and possesses predictive powers for property sales. In addition, we go
beyond the national housing market sentiment index, leverage the strong
comprehension capability of GenAl to identify the cities being discussed in
microblogs, and develop more granular sentiment indices at the city-tier level
or provincial level. Again, our city level sentiment index is helpful to predict
local property sales. These findings represent a novel contribution to the
literature.



e Given the importance of the real estate sector to Mainland China’s economy,
our research should help policymakers monitor the property market in a timely
manner and at a new level of granularity. Our empirical results also highlight
the transformative potential of GenAls in research and macroeconomic
surveillance, as we can now tackle tasks that were previously deemed infeasible,
establishing GenAl as a valuable and promising option for applications in big
and unstructured data.
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I. INTRODUCTION

1. Thanks to significant advancements in neural networks and
computational power in recent years, generative Artificial Intelligence
(“GenAI” hereafter), which generates responses based on input data and
appropriate prompts, has achieved cutting-edge performance in various
natural language processing tasks, including information summarising and
question answering. Unlike traditional sentiment analysis methods that rely
on pre-defined dictionaries (Tetlock (2007) and Loughran and McDonald
(2011)), recent research suggests that GenAl can accurately assess a word’s
sentiment value within a specific context?, although the sentiment conveyed
by a word may vary significantly in different contexts (Ruan et al. (2020)).}
Besides accuracy, assessments by GenAl are more efficient than human
evaluations and traditional machine learning methods used in the literature
that are based on manual labelling (Liu (2010)). In fact, these older
practices are time-consuming, error-prone, and impractical on a large scale;
conversely, GenAl offers a new way that can help address previously
intractable problems (BIS (2024a)).

2. Utilising an in-house GenAl (Secured Al Research Assistant,
“SARA”) that specialises in Chinese tasks, this paper develops a daily
sentiment index that tracks public sentiment in Mainland China’s housing
market based on social media texts and videos, with the aim of enhancing the
monitoring of the sector in a comprehensive and timely manner. *
Specifically, we first construct a GenAl-driven housing market sentiment
index starting from 2013, following several necessary steps including the
elimination of identified social bots and cyber trolls. Next, we demonstrate
that the index serves as a leading indicator for property sales and outperforms
the conventional lexicon-based approach. Furthermore, we extend our
analysis beyond the national sentiment index and develop housing market
sentiment indices at a more granular level, leveraging the strong
comprehension and reasoning capability of the GenAl to identify localities.

2 GenAl has been shown to outperform conventional models in understanding the tones of central bank
communications (Hansen and Kazinnik (2023)) and in predicting stock returns based on sentiment analysis of
news headlines (Lopez-Lira and Tang (2023)).

3 For example, the sentiment conveyed by the following sentences cannot be assessed merely by counting the
number of positive and negative words in each: “I enjoy it”, “I wish I could enjoy it”, and “I cannot say that I
do not enjoy it”.

4 Indeed, one important application of GenAl for central banks today is nowcasting, which helps monitor
developments in the real economy in a timely manner (BIS (2024b)).



In fact, such granular and informative housing market sentiment indices in
Mainland China are absent in previous studies, and our findings represent a
novel contribution to the literature.®> From a broader perspective, our
research confirms the transformative potential of GenAl in macroeconomic
surveillance and research, particularly with alternative data, and demonstrates
GenAlI’s capability to provide insights into previously impractical tasks,
thereby enhancing the understanding of important issues.

3. The rest of the paper is organised as follows. Section II
introduces the data and methodology, with emphasis on our experience in
prompt engineering and validation, as well as the identification of social bots
and cyber trolls. Section III presents the empirical results. In particular,
we rely on the GenAl to construct the national housing market sentiment
index and examine its correlation with real economic activities. We also
utilise the GenAl to identify the cities being discussed in microblogs, aiming
to develop a local-level sentiment index for the property market. Section
IV looks into the related policy implications and provides some concluding
remarks.

II. DATA AND METHODOLOGY

2.1 Data and sample

4. To construct the property sentiment index, we webscrape
microblogs from Sina Weibo (“Weibo” hereafter), a major social media
platform in Mainland China.® Unlike Shao et al. (2023) and Zhu et al.
(2023), which limit microblog samples to those that include the keyword of
“housing price” only, we select posts based on a range of terms that match
the relevant topics (see Annex A). Specifically, based on the list used by Li

5 In the literature that develops a city-level sentiment index, one strand extracts sentiment from market-based
indicators (Ding et al. (2023) and Zhou (2018)). These studies employ market proxies to indirectly generate
a sentiment index, which may exhibit a time lag. Another strand uses geographic information of the texts
such as the registration city of the user and IP address (Zhu et al. (2023)). In practice, however, this
information may often be absent. As far as we are aware, this is the first analysis that constructs housing
market sentiment indices across all tiers of cities for Mainland China using GenAl. This method can yield a
greater number of outcomes in a more timely and accurate manner.

¢ Weibo was ranked third among Chinese social media platforms in 2021 by a marketing agent based on
publicly available data. According to Weibo’s financial report as of the third quarter of 2024, its monthly
active users reached 587 million in September 2024, up from 573 million in December 2021.  Also, it has an
average daily active user count of 257 million in September 2024.



et al. (2022) and our own experience, we identify microblogs related to
Mainland China’s property market using (i) certain hashtags that the authors
add to indicate the intended themes, and (ii) super topics’. In addition, we
remove duplicated records through a unique microblog ID. We download
the identified microblogs from January 2013 to December 2024,
encompassing as many cycles in the Mainland real estate sector as possible.

5. A prominent trend in social media nowadays is the rise of short
videos. These videos have gained immense popularity due to their engaging
nature and their capability to convey information quickly. With
advancements in multimodal models that are capable of seamlessly handling
various input formats, we not only include traditional textual elements of
microblogs but also incorporate visual media from posts. To be specific, we
convert these videos to texts using the speech-to-text function of our in-house
GenAl. In total, our raw dataset contains more than 450,000 textual
microblogs themed on the property market, along with nearly 44,000 videos.

2.2 The construction of the property sentiment index

6. The construction of the GenAl-driven property sentiment index
consists of three key steps: (i) filtering, (ii) scoring, and (iii) index
construction. The first two steps rely on our in-house GenAl, which is
powered by a large language model that is specially designed for Chinese tasks as
well as our needs, and hosted entirely on-premises to ensure security, privacy, and
control. Considering that the original microblogs are in Chinese, we use
Chinese as the input and instruction language to ensure that the GenAl
understands the target content accurately without any information loss. The
entire procedure is visualised in Chart 1.

7 Super topics are a distinctive feature on Weibo. Both topics and super topics serve to categorise content
and facilitate discussions among users. However, unlike regular topics, super topics have dedicated pages
for community engagement and structured interactions, resulting in a more organised experience for users.



Chart 1: The development process of the GenAl-driven housing
market sentiment index
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7. Filtering. We first filter out microblogs that are either
irrelevant to Mainland China’s property market or unable to reflect sentiment.
For example, some microblogs from official accounts® or news agencies are
merely data reporting without conveying public sentiment, while others
discuss cases from other economies or the non-property sectors in Mainland
China (see examples in Annex B). Leveraging our in-house GenAl model,
which is able to identify the core message of texts and capture subtle nuances,
we design prompts instructing the model to remove posts that (i) contain non-
China or non-property market content, (i1) belong to advertisements, and (ii1)
merely report or repeat official data. On top of that, we also delete posts
from official accounts and news media that we have identified manually.
This initial filtering process is crucial to maintain a high-quality dataset that
accurately reflects the public sentiment in Mainland China’s property market.

8 Official accounts are run by either the state or the owning company of Weibo (i.e. Sina). Examples of
these accounts include Sina Finance, China Daily, People’s Daily, and Xinhua. Such accounts likely post
microblogs that merely report data or the official stance. As our focus is on the public opinion, official
accounts are thus ruled out.



8. Scoring. After excluding the unrelated posts, we have a dataset
of around 145,000 filtered microblogs, which forms the foundation for our
further analysis. Using the in-house GenAl, we ask the model to evaluate
the sentiment score for each microblog in the dataset on a scale of 0 to 10,
with a score of 10 being the most optimistic and 0 being the most pessimistic.
This granular rating system enables us to capture a wide range of sentiments
expressed by users.

9. Index construction.  After scoring, we remove microblogs

posted by suspicious social bots and cyber trolls to reduce sentiment bias
(more details are provided in the discussion below).” We construct the
sentiment index taking into account the potential influence of each microblog.
In particular, sentiment scores at the microblog level are standardised to a
continuous range of -1 to 1, where -1 indicates extreme pessimism, 0
represents a neutral tone, and 1 refers to extreme optimism. Given the
varying influence of each microblog, we then calculate the daily average of
sentiment scores, weighted by the number of influential factors (i.e. likes,
comments, and reposts) as shown in the following equation.!”

Daily sentiment index;

(wq * Comment Count; + w, * Like Coun ; + w3 * Repost Coun ; + 1)

4 X, wy * Comment Coun ; + w, * Like Count; + ws * Repost Count; + 1

=
X Sentiment Scor ]

2.3 Prompt engineering and validation

10. Considering that prompt engineering plays a crucial role in
optimising the performance of GenAl and enhancing the quality of output
(Chen and Zhao (2024)), we apply this optimisation approach to our “filtering”
and “scoring” steps, as well as to other instructions or prompts where
applicable. Based on the literature and our own experiments, we follow
these four principles to design and refine our prompts: (i) commands must be

detailed and specific, (i1) the GenAl is instructed to take on a specific role,

? To reduce the direct impact of social bots and cyber trolls that may lead to extreme tones, we identify the
relevant users based on several rules and exclude their posts accordingly to ensure a spam-free sentiment index.
10 The weights of the influential factors, w;, w,, and ws, are set at the values of five, three, and one,
respectively, to reflect the relative importance of comments, likes and reposts.  Our major findings are robust
to slight variations in the values of these weights. In case all influential factors are zero, we replace the zeros
with ones in both the numerator and the denominator.



(ii1) an iterative approach is employed to refine prompts based on the GenAl’s
responses, and (iv) a chain-of-thought approach is adopted to break down a
problem into smaller, manageable parts and the GenAl then reasons through
them step by step.

11. In the process, we also emphasise a human-in-the-loop approach
to ensure the accuracy and reliability of our findings, by comparing the
“filtering” and “scoring” results generated by the GenAl with human
evaluations on randomly selected samples (600 posts for each step).
Additionally, to ensure the accuracy and consistency of human results, each
microblog is assessed by two reviewers.

e First, the filtering results from humans and the GenAl are compared,
and the comparison results are presented as a confusion matrix in Chart
2A. The matrix indicates good classification performance for the
GenAl, with a high recognition rate for microblogs that it successfully
identifies for both removal and retention.!!

e Second, we compare the sentiment scores generated by the GenAl and
humans for each microblog and present the results in Chart 2B, using a
method similar to Shapiro et al. (2022). The chart shows that the
scores evaluated by the GenAl are, on average, strongly and positively
correlated with those of humans, demonstrating that the scores from
the GenAl and humans are very similar.'?

Overall, these results suggest that the prompts we provided enable our in-
house GenAl to accurately identify microblogs relevant to our research focus
and score the texts precisely.!?

' In fact, the overall accuracy (i.e. the proportion of correctly identified results among the total number of
cases examined) is about 84% in our sample. In terms of the Macro-F1 statistic, a widely recognised
standard in the literature for assessing model classification performance in the field of sentiment analysis, our
in-house GenAl also achieved a high score of 85.1% in our sample.

12 The Spearman rank correlation for the scores by the GenAl and humans is 0.83.

13 To illustrate that our in-house GenAl performs the scoring task well, some examples are listed in Annex C.
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Chart 2A: GenAl and human Chart 2B: GenAl and human rating
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calculations. calculations.

2.4 Social bots and cyber trolls

12. Previous studies have documented that public opinions can be
significantly influenced by misinformation and extreme sentiments propagated
through social media. To mitigate the risk of potential bias on our sentiment index
stemming from social bots and cyber trolls, we employ three methods to identify
these two types of microblog publishers based on the filtered data, as suggested by
Gorodnichenko et al. (2021). First, we calculate the total number of microblogs
published on the day a new account is established and flag an account as a potential
cyber troll if the number exceeds five, considering that cyber trolls tend to create new
accounts and use them to convey specific messages. Second, we add up the number
of microblogs published during abnormal periods for each user, and flag an account
as a potential bot if it posts at least five microblogs between 2 AM and 6 AM on any
given day, as this timeframe is typically inactive for human users. Third, we
compute the number of identical microblogs at the user level, and flag an account as
a bot and/or cyber troll if the repeated messages are published within a relatively



short time interval (i.e. five seconds).!'*

13. Following these rules, we find that there is limited evidence to support
a notable effect of social bots and cyber trolls on our sentiment index, with only 11
out of approximately 25,000 users identified as target entities. This finding partly
demonstrates the effectiveness of our previous filtering process, which excludes
unrelated posts, such as advertisements that resemble those posted by bots and
internet trolls. As a result, we have eliminated all microblogs (about 8,200) posted
by the identified users before constructing our final sentiment index.

II1. EMPIRICAL RESULTS

3.1 Measuring property market sentiment in Mainland China

14. Chart 3 displays the monthly GenAl-driven sentiment index for
Mainland China’s housing market, with several historical landmark events
highlighted. The chart illustrates that the index has effectively captured shifts in
sentiment in response to landmark events and exhibited cyclical patterns over the
past decade, partly reflecting the dynamics of the housing cycles. Specifically, the
index improves notably amid favourable events such as major policy easing. For
example, in late 2014 and early 2015, the sentiment index surged following the first
nationwide easing of purchase restrictions since 2009 and favourable policies to
boost housing transactions.!> On the other hand, the sentiment index declined in
2021 in response to potential drivers such as the rising default risks from certain
developers. In the latest episode, our index suggests some improvement in housing
sentiment following the rollout of the new stimulus package by the authorities since
late September 2024, but saw some consolidation near the end of 2024.

14 Since our sample does not include reposted microblogs, copying and pasting the text after viewing a
published microblog takes significantly more time than merely reposting. Therefore, the five-second time
lag between the publication of the first microblog and another user’s reaction is considered a reasonable
threshold for human users, distinguishing them from cyber trolls and bots.

15 Such relaxations of purchase restrictions include lowering down payment ratios, easing tax rules for home
sales, and trimming mortgage rates.
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Chart 3: GenAl-driven housing market sentiment
index for Mainland China

Sentimentindex

03

New stimulus package

and first call to halt the

0.2 - More b Home purchase declines and stabilise

s o ua requirements the market

national policies for eased in major
0.1 - home purchases non-1st-tier cities Policy f
/\ and sales olicy focus ‘

. . ! ) /\= . - , |A/\r\ : Ishﬂted [IO dvstolcleng u

01 -

0.2 - "Asset bubble" \

warning amid

: : Stricter purchase Evergrande’s
0.3 - Ve el restrictions; property tax ~ financial distress
' reportedly to be included unfolded and a series
in legislative agenda of developer defaults

04 -
2013 2014 2015 2016 2017 2018 2019 2020 2021 2022 2023 2024
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15. For surveillance purposes, we find that our GenAl-driven index is a
leading indicator of property market activities. Chart 4 compares our sentiment
index with the growth of floor space sold'®, and indicates that the smoothed sentiment
index appears to have led the floor space sold. Indeed, the Granger causality test
confirms that our GenAl-driven sentiment index leads floor space sold by one month,
with no reverse relationship identified. This demonstrates that our sentiment index
possesses predictive power for floor space sold, thereby facilitating the monitoring
of property market activities and the identification of their turning points.

)

16 As a measure of the property sales, floor space sold indicates housing demand and affects developers
liquidity.
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Chart 4: GenAl-driven housing market sentiment index and national
floor space sold
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3.2 Comparison with news-based sentiment index
16. Compared with those sentiment indices generated by traditional

textual analysis methods, the GenAl can be a superior evaluation tool for
gauging the public sentiment on the property market. We plot the sentiment
indices estimated by both methods in Chart 5, where the news-based property market
sentiment index is generated by a traditional lexicon-based approach through
counting positive and negative words in each news article.!” One interesting
observation is that the two indices show co-movement. However, the news-based
one generally conveys a more positive tone, while the GenAl index conveys a more
cautious tone in general. We attribute this difference in part to the underlying data
sources.

17. Further analysis indicates that the GenAl-driven index serves as a more
effective leading indicator for property market activities compared to its news-based

17 For more details, see “Box 2: A news-based property market sentiment index for Mainland China” in the
Hong Kong Monetary Authority’s Half-Yearly Monetary and Financial Stability Report (September 2021
issue).
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counterpart. The Granger causality test suggests that the news-based sentiment
index adds only marginal value in predicting floor space sold. This result, along
with the superior representation of public attitudes, suggests that the GenAl-driven
index can be a better proxy for the public sentiment on the property market.

Chart 5: GenAl-driven vs. news-based property
market sentiment indices
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between the share of positive words and that of negative ones in news articles; while the GenAl-driven
property market sentiment index is generated by the in-house GenAl after evaluating the content of social

media. Both series are smoothed using a 12-month moving average to enhance comparability.
Sources: Weibo, Wisers, in-house GenAl and HKMA staff calculations.

3.3 Regional GenAl-driven sentiment index

18. Apart from a national sentiment index, we have also developed
regional sentiment indices, leveraging the strong comprehension and
reasoning capability of the GenAl. We believe that these granular sentiment
indices represent a novel contribution to the literature. ~While some previous
studies (e.g. Zhu et al. (2023)) employed geographic information such as the
registration city of user account and IP address as a proxy for cities, our
method is based on the content of the post, and we believe that our approach
has several advantages. Firstly, the geographic information (i.e. city name

13



derived from IP address) is scanty in our sample'®; secondly, even if such
information is provided, the city shown is not necessarily the major city
mentioned or talked about in the microblog. '  Therefore, employing
content-based methods to identify the primary location in the post is more
accurate and pertinent, and is able to yield more data.

19. In fact, among the content-based approaches to identifying cities,
the GenAl approach is significantly more powerful than traditional
techniques that extract city names from a predetermined list of selected cities.
We find that the GenAl not only can recognise the city in focus even when
multiple cities are mentioned, but also can infer the appropriate cities even if
the city names are not explicitly stated. For example, social media users
often mention one of a city’s districts or a famous scenic spot instead, or to
use the city’s nickname (e.g. “Imperial City” for Beijing, “Magic City” for
Shanghai).?® Under these circumstances, the state-of-the-art GenAl can
effectively handle such cases well, despite the presence of noise in the posts.

20. Taking advantage of the powerful capabilities of the GenAl, we
identify the cities being discussed in microblogs and compile a city-level
index. In particular, we instruct the GenAl to identify the prefecture-level
city discussed or implied?!, if any, in each microblog and compile the
sentiment indices at the city-month level. This process generates a dataset
comprising about 60,000 microblogs with identified city information.

21. Considering the evidence that the national GenAl-driven
sentiment index effectively predicts national floor space sold one month in
advance, we further investigate whether this relationship holds at the city
level. Specifically, we plot the growth of each city’s floor space sold
alongside its average sentiment during our sample period, with sentiment
scores calculated with a one-month lag for each city. Chart 6 demonstrates
that the leading sentiment is positively correlated with regional property sales.

18 TP addresses are required to be provided by the Mainland authority since May 2022. However, many of
them are still missing in our sample even after 2022.

19 Affuso and Lahtinen (2019) also mentioned that measures relying on IP addresses are less precise.

20 To illustrate the capability and performance of the in-house GenAl, some examples of the city names
identified are provided in Annex D.

2l If multiple cities are identified as eligible in the microblog, the sentiment expressed in the post will be
assigned to each city.
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Chart 6: Correlation between property sales and sentiment index

at the city level
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behind the floor space sold.

Sources: Wind, CEIC, Weibo, in-house GenAl and HKMA staff calculations.

22. To formally test the finding, we use a city-month level panel data
to run the regression, controlling for city-level characteristics, as well as city
and time fixed effects.

Sold;y = a; + Uy, + PSentiment;,_4 + yPricej,,— 1+ 6Xjpy 1+ Uy

where Sold;,, is the year-on-year growth rate of floor space sold for month
m in city i, Sentiment;,, refers to our GenAl-driven sentiment index for
month m in city i, Price;,, refers to the growth of property price for month
m in city i, «; and p,, control for city and year-month fixed effects,
respectively. The growth of floor space sold and sentiment are winsorised
at the 5% level. In addition, we include X;, to control for city-specific
characteristics for year y to which m belongs. The variables used are annual
GDP growth and urbanisation ratio. [ is the coefficient of interest and it
measures the effects of our sentiment index on the property sales. The
estimation results are shown in Table 1.
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Table 1. Regression results of sentiment index on property sales at the
city level
Sold (% yoy)

(1) (2) (3) (4)
Sentiment 0.036%** 0.037%** 0.037%** 0.034***
(0.013) (0.013) (0.013) (0.014)
Price N N Y Y
Annual control variables Y Y Y Y
City effect N Y N Y
Year-month effect Y Y Y Y
No. of cities 59 59 41 41
Observations 1,756 1,756 1,592 1,592
R-sq. 0.011 0.049 0.011 0.046
Note: Robust standard errors clustered at the city-level in parentheses. *** p<0.01, ** p<0.05,

*
p<0.1.
Sources: Wind, CEIC, in-house GenAl and HKMA staff calculations.

23. In general, the results suggest that our GenAl-driven sentiment
index significantly enhances the prediction of the property sales in each city
one month in advance. After accounting for both city and time fixed effects,
as shown in Column (4), a one standard deviation increase in the sentiment
index (equivalent to 0.318), on average, results in a 1.08-percentage-point
rise (0.318 x 3.4%) in the growth rate of the floor space sold in that city the
following month. The results are little changed in the robustness check
through adjusting fixed effects.

24. To gain more insight at the city-tier level, we further construct
four city-tier level indices, where the classification of each city is primarily
based on the official system.?> As shown in Chart 7, our sentiment indices
display similar cyclical patterns across various city tiers. However, the
indices also exhibit disparities during specific periods, partly reflecting
different reactions to landmark events. For instance, the sentiment indices
diverged in early 2015, with first- and second-tier cities experiencing an
uptick in sentiment driven by nationwide easing policies, such as lower down
payment ratios and more tax benefits. In contrast, lower-tier cities saw a
decline in sentiment, largely due to their high inventory-to-sales ratios.
After mid-2015, the sentiment in third- and fourth-tier cities rose sharply,

22 According to the National Bureau of Statistics (NBS), the first-tier cities are Beijing, Shanghai, Guangzhou,
and Shenzhen, the second-tier cities refer to 31 cities, while the third-tier cities indicate 35 cities (see the
website of the NBS for the full list). Based on the list, we define all other cities in our sample as fourth-tier
cities.
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coinciding with the large-scale implementation of monetised resettlement for
urban renewal and varying city-specific policies that reportedly favoured
lower-tier cities the most. In late 2024, the sentiment in first-tier cities
rebounded following a comprehensive package of policies, while the
sentiment in lower-tier cities remained somewhat sluggish.

Chart 7: GenAl-driven housing market sentiment index by city tier
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Sources: Weibo, in-house GenAl and HKMA staff calculations.

25. Additionally, we prompt the GenAl to group the cities into their
corresponding provinces and calculate the average sentiment scores within
the same province. This data structure helps us visualise the comparison of
sentiment changes across regions after major policy introductions.
According to our results, among the provinces for which data is available,
overall local sentiment became more optimistic in October 2024 compared to
April 2024, especially in Beijing and Shanghai. The improvement was
caused by a new round of policy support measures, exemplified by the
removal of purchase restrictions in the first-tier cities. As illustrated in
Charts 8A-8D, one interesting observation is the worsening of sentiment in
Hebei, contrasted with the enhancement of sentiment in Beijing, partly
reflecting the siphoning effect of the capital city on surrounding cities. That
said, the phenomenon does not appear in provinces surrounding Shanghai,
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around Beijing: Before the latest

round of supportive measures
(April 2024)

= -0.5 0 0.5 1

Chart 8C: Sentiment in provinces

around Beijing: After the latest round

of supportive measures
(October 2024)

-1 -0.5 0 0.5 1

developments are more even across

Chart 8B: Sentiment in provinces
around Shanghai: Before the latest
round of supportive measures

(April 2024)
it ¥y

Chart 8D: Sentiment in provinces
around Shanghai: After the latest
round of supportive measures
(October 2024)

Shanghai

-1 -0.5 0 0.5 1

Notes: Missing values are replaced by the provincial sentiment from the previous month.

Sources: Weibo, in-house GenAl and HKMA staff calculations.
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IV. POLICY IMPLICATIONS AND CONCLUDING REMARKS

26. To conclude, our GenAl-driven sentiment indices based on social
media data effectively capture the public sentiment in Mainland China’s
property market, successfully tracking the housing market’s response to
major policies and market events. By providing more granular sentiment
indices at the city level or provincial level, we can also observe regional
disparities in sentiment, such as more nuanced reactions to city-specific
policies and spatial spillovers. Our analysis further shows that these GenAl-
driven sentiment indices serve as a leading indicator for property sales, and
can offer a better proxy for public sentiment compared to news-based
sentiment indices.

27. In terms of policy implications, the GenAl-driven sentiment
indices should help policymakers better identify trends, understand complex
developments and detect and respond to emerging risks.  Given the
importance of the real estate sector to Mainland China’s economy, tracking
the recovery of the housing market across regions and in a timely manner is
beneficial for both policymakers and market participants. Central banks and
other institutions can also use the indices as inputs to nowcast property sales
and identify potential turning points.

28. From a methodological perspective, our empirical results
highlight the transformative potential of GenAls in research and
macroeconomic surveillance. Firstly, GenAl can make reliable assessments
of sentiment as humans, demonstrating its strong comprehension and
analytical abilities. Secondly, GenAl can accurately identify “hidden” city
names in microblogs among a large volume of data, showcasing its strong
reasoning skills and background knowledge. By combining these features
with their efficiency, we can now tackle tasks that were previously deemed
infeasible, establishing GenAl as a valuable and promising option for
applications in big and unstructured data.
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Annex A

Topics used for Weibo identification and web scraping

(in Chinese)

Topic

#EHhEH #IETT# HSEEH HEH 2P #
#EH #EE# HE EH HE E#
#5 5t HPS o # HORIE S # HEfTH#
HTEEH HHT F# #H—F# #_ T

Super topic

# 55 il E R S HIE T A #)55 (EEEL#

Topics used for Weibo identification and web scraping _

(English translation)

Topic

#RealEstate #HousingMarket #Property
#PropertyDeveloper #RealEstateCompany #HousingPrice
#HomeBuying #HomeSelling #Mortgage
#CommercialHousing #AffordableHousing #HousingProvidentFund
#NewHomes #FirstHandProperty #SecondHandProperty

Super topic

#RealEstate #HousingMarket #HousingPrice
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Annex B

Examples of microblog texts that are excluded from our sample

(in Chinese)

Date Content Reason
2023 FRJESTHIOIRR ¢ FSEE ACBE | {-{ER0
W& 55 (8 P (i S 2 5 B KRR AT B R SR PR ERA TR
07 Jan HYHEHE > KK 2ZJRER © 2023 4F » RIENY BT E 5250 Unrelated to
2024  TiE—E - ABEBENEEEEITH 7 AfIRIYTEMN - Mainland China
TP bIt > EREHEEE FART 150 BT o #H
N H# G (B _ETR#
Urhnss s (B RE =4 © 2009 FFE1E4E 2013 FHTH
&I0178 Y ¥ BTG 1 A 3 H AT s Bz S
06 Jan 7~ (EBUMBHEER M EAERNE R N #% Unrelated to
2017 2016 FEEIUZEE FEEREL N EL 0.4% - FyiHidE 13 Mainland China
{EZREE TR > Bl 1975 A REEE DR R & T kAL
Bk 0 2016 TR FHE MR 3% o #5E#
20 Jul FRIEERE - CIPEEEpE ’Eéﬁ-},ﬁﬁﬂﬁ » BEHY > BIFTIRE Unrelated to
2004 oh 0 ORI 2 AT —4% - REAOIR(E BEA 2 A o - B housing market
e — TR M # B S R E R E [t o R4
25 Feb e BB T —IREE - BN BRETATINAES Unrelated to
001 KEFHE=HESRE  MEERRKBIES  SKE housing market
T — B Y AT = H IR A E s -
15 Jan HRFEIRE | T | BiEEEE | HRiRRWE
5024 Hras > 143 SR 1100 EAE] > (GFEM L | #  Advertisement
i EH
Ny | SRR | 3R 55 | 3155 | Ak 2500 > &5
18 Feb f£5E 3 BERITTA(E | BEINEEZR 30 538% > FhiLiFrgisE Advertisement
2023 2R 15 5y o FBEMEH ¢ 18620974872 ] A BB
REE | A BT S T #
05 Mar #_FHE#2021E3 4 H > BFIZFHEHEX 193 E
2001 AT E S 18504 m?; Hio —FFFEHA 154 E > (5§ Data reporting

ST 16004 m2 -
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14 Apr
2022

1—=5 A{raEl il R SR &R EE T 4.0%6 H 15
H » BER&GsH R8RSR > 15 B 2EEHER
S 52134 (BT 0 [FEETE 4.0% ¢ B (£
& 39521 BT 0 T FE 3.0% - #5HEH

Data reporting
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Examples of microblog texts that are excluded from our sample

(English translation)

Date

Content

Reason

07 Jan
2024

2023 Sydney Housing Market Review: Home Prices
Surge Back! Over forty suburbs have seen their median
home prices surpass the one million mark. Everything
that rises must eventually fall, and vice versa. In 2023,
Sydney's real estate market proved this point, as home
values defied expectations and steadily increased, with
some areas even rising by AUD 1.5 million. #Australia

#HousingPrices #Increase

Unrelated to
Mainland China

06 Jan
2017

[Singapore’s housing prices have fallen for three
consecutive years: from 2009 to 2013, they peaked and
then fell back] The latest data released by the Singapore
government department on January 3 shows that under
the background of the government’s strict control
policies and sluggish economic growth, in the fourth
quarter of 2016, house prices in Singapore fell by 0.4%
from the previous quarter, marking the 13th consecutive
quarter of decline and the longest decline since data was
released in 1975. House prices fell by 3% for the whole
of 2016. #Price

Unrelated to
Mainland China

30 Jul
2024

Dental hospitals, oral clinics, those offering installment
plans, real estate sellers—please don't call me! Isn't it
annoying? Just like AI, when you ask it which
organization, it can't say anything specific and just
rambles on. #PhoneScams #RealEstate #Dentistry

Unrelated to

housing market

25 Feb
2021

Took a look at the funds at night, and they didn’t go
down. I plan to look at these newly purchased funds at
the end of March again. [ like funds that have
experienced sharp rises and falls. I also bought a little
#real estate stocks today and will adjust my positions at

the end of March when the white wine stocks fall.

Unrelated to

housing market

15 Jan
2024

Completed houses in Chaoyang district! Developed by a
state-owned enterprise! Newly renovated homes!

Currently, only two duplex units are left, 143 square

Advertisement
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meters for under RMB 11 million. Flexible payment

options—Ilet's discuss the price! #Real Estate

18 Feb
2023

Shunde Center! Close to Guangzhou! Completed house!
Completed house! The monthly payment is RMB 2,500,
and the down payment is only RMB 30,000 to move in!
It takes 30 minutes to get there from Guangzhou and 15
minutes to get to Foshan New Town. Please contact
Manager Lin: 18620974872, can arrange a special car
to pick up and drop off to see the house!
#GoodHouseRecommendation #Propertymarket

Advertisement

05 Mar
2021

#SecondHandHouse On March 4, 2021, 193 second-
hand houses were sold in Xiamen, with a transaction area
of 18,504 square meters. Among them, 154 were
residential second-hand houses, with a transaction area
of 16,004 square meters.

Data reporting

14 Apr
2022

National real estate development investment fell by 4.0%
year-on-year from January to May. On June 15, data
from the National Bureau of Statistics showed that from
January to May, national real estate development
investment was 5.2134 billion yuan, a year-on-year
decrease of 4.0%; of which, residential investment was
3.9521 billion yuan, a decrease of 4.0% year-on-year.
3.0%. #RealEstate

Data reporting
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Annex C

Examples of microblog scores by in-house GenAl

(in Chinese)

Date

Content

Score

19 May
2024

BERBCR B P B S S LR RV E N EBER - JEEE
B WS RS EAIRE HENIER - BEA
PR E T EEBRmR Ry 20% - BERBURT SR IR @A > A
AR ~ 50 e EAEEE - EEEAIRY T - K
RESR IR A AT AYBCR > H 2w AR Ry RS2 E 6%
RRRHT—PREBUR - S BB R B E AR SR S E (T
B RREEEN KN EEITEAHE) - $HEIER
ISR B R R R RO R R B A IR
WERE - ZBRHE N B ET S EREGELIFEE
BRI - #5 S

9.5
(Positive)

12 Dec
2020

HRHTEASEEGEL ? RITRVBERLS > TES
BRI BRI EERS  sEFE SRR 58
BENZHIN > RRUEBARFERES  EPRTEAS
AR E L B TS IR o B (E S
ATEHIERHI AN A G RHERGR ~ /NSOSTE T AE T
RIS T IR R AU E RIS 2 AR ~ IR B A
CERER > FEARVRRE—FE—F8 > EEA A NgRE
o (A G kA E oA R T AT A T #

9.5
(Positive)

08 Jul
2020

TR BN IRE T - TEETAES > A EER
ERHHAY - BURNZZEE TR RFEEE > 2R T8
diERREEAB A EHIHSE HE L A bR -
MIRERFE TR - BHIE @ ERF - a5 S
Sy TR WS AENES - RREBHIR 0 E
PAEIAEL - B REERATE - MET#HE S B E T H

5
(Neutral)

20 Feb
2024

2024 FEREEZRERR ? BAihiS DA RS o FHE
TR R R R EEREREY > HHEEA 1
AOHREHER > FittEFEALSEE 2~ HAlFEFB
> QLR R A WRONRHEE S EREE 3~ HAY
OB RIREALY > BRI > AR AHAEEF - 5%
FiE A ENREENE - B E BV > BT
A 1 B EOEHR i E e R S ESE - B EAD R
e e EE e EE ERAT > ERERmAZEER

5
(Neutral)
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Bk > BEE R IR R EE R g PR Bk 0 2~ AR
S HUEEE R T R R B RE S LI BU I VARG © 3 ~ SRETAD
BERIREE R - RIYNEEGINR S FEUR AR - FBETIA
R EARERNESLZ — 4> W B EEREE
KeAE (HALE&RG 1) MR BuE scE IR E X
HERRETRCK - DL RS R AGRAVEE - AR
Ry 2024 FEGREZERIE 7 # P I S Rtk
2R (B E BA AN AR T R S5 o EE M R S

19 Mar
2024

# s i EEHIE (EIIR ) - PRAS S itz i 5 R B 2R 13 H
& - HEHRIMECR - #FEEFKE > AeA AEE
AH LA - B HATHIER - RIS E TR - e
SRAYEEREA > AIRERAFE AL T - S EH AR
FEAPITRREZETERSE - BEMFREFELA
EAERE 20 £ EMH - KERN NERIRFHIFRKE - /i
B > BBE—(EREAGE R T o ARIRENE (ki
[ A Z AR IR E E 2 EECR - TREHFEM
FEVFE o BB RS GIRIEFEORR - BHEFHY
TFoKBRIG Bk - RIILEEB ARG M - FEA - HE
B% > il o AENEm DT -

2.5
(Negative)

03 Dec
2021

AL SR I E e = © N BHUER B
PEEAEHE T o 1 HBSRRLYE - RAETEAEARER
ERVRUE T - REITRIFEAEY - S EOLE - 13K 40
RN —F RN - SERENHETRK - HHE
FERHR PRAERE ? feE TR —EIHA Sl R 5
40%HIRER ST A - BTl EXGR3EA S ERIER N
AT > JUESTHT > AR - R AR E R (RE A B -
R RS TR ARSI R - e BRI ESS
BREESEEAFEESETET PR R R
WREE ? PHREREACHA T | B EER BRI EAA 2
wte | NIRRT B EEAGRERYE ST T AR A 20
T  AEAE TE A BE - — 8RB - #EHEH

0.5
(Negative)
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Examples of microblog scores by in-house GenAl

(English translation)

Date

Content

Score

19 May
2024

This policy represents one of the most lenient down payment
policies in the history of home buying in China. It is very
significant and has a clear impact on stimulating market
transactions. Previously, the minimum down payment ratio for
home purchases nationwide was 20%. The market response to this
policy has been very strong. Compared to past relaxations of
purchase restrictions and the distinction between property
recognition and loan recognition, the reduction in the down
payment ratio is far more impactful than policies in other cities
and can even be understood as the most lenient policy in history.
This indicates that the national level places great importance on
reducing inventory and supporting reasonable housing
consumption demands. It has significant implications for
stimulating mortgage lending and the rapid and large-scale release
of demand for both first-time buyers and those seeking improved
housing. This policy will have a very substantial positive impact

on the real estate market and real estate stocks. #RealEstate

9.5
(Positive)

12 Dec
2020

Why don't I believe that house prices will fall? Big cities have
more jobs, higher wages, a better business environment, more
social resources, more money to earn, surrounded by similar
people, we have a common language, similar ideology, a better
security environment, and a concentration of the best education
and health care. Any person who pursues life will not stay in
places like Hegang or small counties and will go to big cities. Do
you think the housing prices in Beijing, Shanghai, Guangzhou,
Shenzhen and Hangzhou will fall? Given inflation, urbanization,
and more people getting more wealthy, how will someone feel
that the price of housing will fall? #BuyingHouse
#ShenzhenPropertyMarket #HangzhouPropertyMarket

9.5
(Positive)

08 Jul
2020

Under the influence of the pandemic and a complex environment,
the trend of China's real estate market has a more significant
purpose. The continuous regulation of the real estate market
through policies and macroeconomic measures is aimed at

buffering capital inflows and controlling blind market confidence

5
(Neutral)
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in order to digest risks, rather than tolerating a decline in housing
prices. It is important to note that in the past two years, regardless
of how the economic situation has changed, the tone "stabilizing
the real estate market" has not changed. The goal is to curb
significant price increases while also preventing drastic declines;
this is the bottom line. #RealEstateMarket #BuyingHouse
#RealEstateAgency

20 Feb
2024

Will housing prices rise or fall in 2024? Currently, there are two
main opinions in the market. The first and most prevalent opinion
is that housing prices will drop significantly, with the main reasons
being: 1. There is negative population growth, and real estate
needs population support; 2. There is currently an oversupply of
existing homes, leading to a shift in the supply-demand
relationship, and this oversupply will inevitably result in lower
prices; 3. The overall economic environment is poor, making it
difficult to earn money, and people are reluctant to take on debt to

buy homes.

The second opinion is that housing prices are about to hit bottom
and rebound, suggesting that now is a good time to buy. The main
reasons for this view are: 1. The government has repeatedly
emphasized that real estate remains a pillar industry, and the
principle of "housing for living, not for speculation" aims to
stabilize prices and prevent rapid increases, focusing on stability
rather than a desire for a crash. As the economy improves, housing
prices are expected to rise steadily; 2. In recent years, the
government's continuous adjustments to the housing market
indicate its stance; 3. The end of interest rate hikes in the U.S. may
lead to an influx of foreign capital, which could result in inflation,
making real estate one of the most valuable assets; 4. Regarding
the oversupply of commercial housing, as long as urban village
renovations or demolitions are restarted (which has already

begun), there will be a resurgence in demand.

These are the main reasons behind the two opinions. What do you
think  will happen to housing prices in 2024?
#ChinaPopulationNegativeGrowth #FutureHousingTrends
#RealEstate #HousingMarketTalk #Property #BuyingHouse

5
(Neutral)
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19 Mar
2024

#RealEstate Just a few thoughts. I believe the real estate market is
unlikely to regain its past glory. No matter how many stimulus
policies are introduced, they all need to be supported by demand—
there must be buyers. However, the current situation is that
urbanization in our country is nearing its end, and most of the
young people who can move to cities have already done so. The
number of new users is quite limited, and the demand from
existing users mainly revolves around upgrading their homes. But
this demand is certainly not comparable to the massive influx of
rural residents buying homes in the past 20 years. In simple terms,

I think an era has essentially come to an end.

In the future, even if cities gradually relax purchase and loan
restrictions, it will mainly be a competition for existing users. For
example, if Beijing lifts its purchase restrictions and housing
demand starts to rise, it is likely that demand in surrounding areas
will decrease. There are only so many existing users; if they move
in one direction, there will be fewer in the other.

2.5
(Negative)

03 Dec
2021

Now the real estate market expectations have completely changed:
because the liquidity in real estate has dried up, and is getting
dryer. Don’t even think about investing in real estate now, because
there is a constant supply of new properties. Second-hand houses
that have made profits in the past 40 years will all be sold out due
to the huge demand for shipments. But where is the buyer now?
Once the investment demand disappears, the buyer will not even
have 40% of the purchasing power in the market. So I emphasize
once again that if you have multiple apartments, grab the discount
and get rid of it. The longer the time goes by, the less likely you
will be able to sell it because the more selling orders there will be.
Nowadays, for houses in expensive school districts, including so-
called high-priced and good houses in various locations, where are
the buyers? The buyers have disappeared! Now I don’t even
recommend asset allocation, because our housing prices have far
exceeded the potential of the next ten or 20 years, so what we buy

is literally “real estate”, which will not change. #RealEstate

0.5
(Negative)
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Annex D

Examples of city identified by in-house GenAl

(in Chinese)

Date

Content

City

02 Jan
2020

#EEH#FEXE 0.5 HETRAIIEZE > — B EKR V FLH
R RIK A E SR - dU RIS IE - BHE /B | G E O
fRE R AK BRI | 2020 7 &1 55 (8 & 48 G ik Bk N (K > BRAE
KAg LEREIT 2016 T FEAYKE » 2020 Kfigkle] 2016 L
FAE S BNGERE] 2016 £ EXFEL A 0 S EHDR !

JE=

22 Jul
2020

ERFEE N PE T R e R LEMBE - BAEA T ERE
EMHIAEE 8+10+HY  BIFERMS | shilg 2 ay & RHE H R
6+ HEFEIGE HRTE - PSR A REH CEN e
SEHE G S H

JER

12 Jun
2022

UG EZERET » FEUFERE 1.2 P REIEagE#
52 &It NS EERERE LS EEBENTILEE S
B ARERNIEN » TIREERBREIE 7 T - 2KE— A& 11 @k
HEEEER 1> G25E > FE 146 B3R 11 /R0
FEE 0.71 E—K » AZHNEERBRROMN 2 EaxHE
aibEE > ERENIEE > Bl REREAEZFEEES
FREARKEAIEAD > FELE  RKEZRRT -2 F
L 12 8ok 3 Jipbhm @ LIS H—ok 4 REER » 1.17
E—ok 50 BN 0 115 E—REERN - B EZEER
DREL > BETERIREE - BEED TR T E B E
BAT 26 fREM » 1.09 H—F2K 7 > HEE » 1.03 H—F
SREFEUNFEERZEZ—T%  FlUEREMS  RENERE
HETEREEEZ > IR REEERHE LN EERH
BEHVEE > AR ERE AR T BRHVARISIEN - 8 » 2RI - B
8 0.91 E—FK 9 #/KH » FB{E 0.77 E—FK 10 0 e

i JB{E 0.76 E—FoK - #HEH#

L

29 Jun
2022

#HETTHBLED 6 HSEEREN > FIRA—H ¢

03 Sep
2023

AR R —SRIEMEHAVGEE | Bk 17 12% BikE—T £
g BRI ECEA TR ? MIERBEIAERA > BIAL
VYR — SR R R AN - BRECERVR BB A A T H
VTR EIHY R AREM R | ERAZEEA SR
EIREAGS ? ARG - At EdER sk E—&]

fiz0Z
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JE? BIR TR - % - EEBUREROE | HEEE
FRAR BRI | MR 2SRRI iR T - &
AV 300, 500 (Y « AR —RMEEEN LEEED&+E
Al ? B O0RREEDUL T > BRS04 RErlZ H Al E
F&JE | #EUE G AR
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Examples of city identified by in-house GenAl

(English translation)

Date

Content

City

02 Jan
2020

#HousingPrices The reserve requirement ratio cut of 0.5 has no
real impact on the real estate market. Some so-called influencers
are starting to hype that housing prices will rise, which is just pure
nonsense and ridiculous talk! They’re just trying to save
themselves by misleading new investors! In 2020, housing prices
in the Imperial City will continue to decline without end. They
have generally dropped to the levels of the second half of 2016,
and in 2020, they will fall back to the first half of 2016. As for
how far back into the first half of 2016 they will drop, we’ll have
to wait and see!

Beijing

22 Jul
2020

Beijing Capital Land and Sino Ocean acquired two plots of land
in Fengtai's Dawayao area this afternoon, and now some
salespeople are claiming that these plots can be sold for 8+10+
(note: the numbers were likely referring to a price range of RMB
80k to 100k per square meter). Don't believe the hype! The
Wanke Holiday Scenic Area, which is right next to these plots,
has had a 6+ (likely referring to a price range of RMB 60k per
square meter) resale listing for half a year and still hasn't sold. The
developers themselves might not even have a clear idea of who
they can sell this land to #RealEstate

Beijing

12 Jun
2022

1. Tangshan's housing prices are going to plummet!
Currently, Tangshan's housing prices are at RMB 12,000
per square meter, ranking 2nd in Hebei Province.
However, due to the negative impact of the recent violent
incident, Tangshan's housing prices are expected to drop
to 5th place in the province. In the worst-case scenario,
prices might even drop to 7th place. Let's take a look at
the housing prices in the 11 cities of Hebei Province:
Shijiazhuang: RMB 14,600 per square meter,
Zhangjiakou: RMB 7,100 per square meter,

Shijiazhuang's housing prices are twice that of

Tangshan
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Zhangjiakou. As the provincial capital, Shijiazhuang's
prices should be higher, but since Hebei Province is too
close to Beijing and Tianjin, the provincial capital effect
is not significant. Many people from Hebei have gone to
Beijing and Tianjin for development.

Tangshan: 12,000 RMB per square meter.

Langfang: 11,800 RMB per square meter.

Qinhuangdao: 11,700 RMB per square meter.

g e e

Cangzhou: 11,500 RMB per square meter. These four

cities have very similar housing prices. With the

withdrawal of investors from Tangshan, housing prices
are expected to drop by at least a few hundred RMB, and
will definitely drop to 5th place.

6. Baoding: 10,900 RMB per square meter.

7. Handan: 10,300 RMB per square meter. The price
difference between these cities and Tangshan is only a few
hundred RMB. The impact of the recent incident in
Tangshan is still being observed, and if more negative
news about Tangshan comes out, the housing prices will
enter a state of continuous decline.

8. Chengde: 9,100 RMB per square meter.

9. Hengshui: 7,700 RMB per square meter.

10. Xingtai: 7,600 RMB per square meter.

#RealEstate

29 Jun
2022

#RealEstate The luxury home transaction situation in the Magic

City in June is just like the hot weather.

Shanghai

03 Sep
2023

The picture shared in the circle of friends is going viral! New
home prices in Shanghai have risen by 12%. May I ask what the
relationship is between the rise in Shanghai and Wuhan? Anyway,
I don't think there's much of a connection. Shanghai is a super
first-tier city, the 'Magic City,' and there's still a gap in status
compared to Wuhan. The real estate markets in Wuhan and
Shanghai are worlds apart! Is this new policy of recognizing
homes but not loans really beneficial for the real estate market? I
don't think so; it's just about taking advantage of the old investors
again, right? After holding back for so long, it’s unnecessary. This
kind of policy is really not needed! What we need to do now is

solve the problem of people making money! If you can't make

Wuhan
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money, what’s the use of saving a little here and there, like RMB
300 or RMB 500 each month? It’s not like saving tens of
thousands on the total price of the down payment all at once
means anything. Confidence has already been lost early on; we

need to rebuild confidence to change the current real estate

landscape! #Wuhan #RealEstate #Economy

Some explanation is as follows.

In the examples dated “02 Jan 2020” and “29 Jun 2022”, the city names are not
explicitly stated; yet, our GenAl accurately infers “Beijing” from the city's
nickname on social media, “Imperial City” and “Shanghai” from “Magic City”,
respectively. This demonstrates the system’s ability to identify the city under focus

even when the city name is not directly mentioned.

In the second example dated “22 Jul 20207, the city name “Beijing” is not present in
the content; yet, our GenAl is still able to identify it as the city under focus. This
is possible because the post mentions “Fengtai”, a district within Beijing, which our
GenAl recognises as a valid reference to the city. This highlights the system’s

ability to identify a city even when only a district within that city is mentioned.

In the third example dated “12 Jun 20227, multiple cities are mentioned, but the
GenAl correctly identify the city being discussed. Similarly, the last example
dated “03 Sep 2023” presents a scenario in which two cities, Shanghai and Wuhan,
are explicitly mentioned in the post. = However, our GenAl correctly
identifies Wuhan as the city under focus.  This demonstrates its capacity to

distinguish between relevant and comparative information.
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